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Intervention (D = 1) No intervention (D = 0)

E[Y | D = 1] – E[Y | D = 0] = E[Y (1) – Y(0)]

Figure 3.1
Comparable treatment and control groups

performance of two versions of the product page: the control version, which is the original
page, and the treatment version, which is the modified version. In the treatment version, the
website owner may choose tomake changes such as addingmore product images, improving
the product description, changing the color scheme, or altering the placement and color of
the “buy” button. Similarly, a company could evaluate the impact of alternative versions of
online ads on conversion outcomes like purchases, page views, and downloads; see Gordon
et al. (2022) for an example.
Furthermore, a streaming service (for films or series) may use A/B testing to evaluate the

impact of different recommendation algorithms on user engagement and content consump-
tion. For instance, the platform could run an experiment where one group of users is exposed
to the existing recommendation algorithm (control group), while another group experiences
a modified version of the algorithm (treatment group). The modified algorithm might pri-
oritize personalized recommendations based on genres or actors the user has previously
watched, while the existing one follows a different set of criteria. By analyzing metrics such
as time spent on the platform, click-through rates, or user ratings between the two groups,
the streaming service can determine which algorithm generates more engagement and user
satisfaction, in order to increase user retention.
But A/B testing is not limited to online businesses and can also be used in offline settings.

For instance, a brick-and-mortar store might use A/B testing to evaluate the effectiveness of
different store layouts or product displays. Imagine a grocery store that wants to determine
whether placing a particular product at the end of an aisle (i.e., “end cap”) will increase sales
compared to placing the same product on a regular shelf. The store could randomly assign
different locations to the product for a period of time and compare the sales figures between
the two groups. By doing so, the store can determine whether the end cap placement is more
effective in increasing sales and adjust its store layout accordingly.
Furthermore, a retail chain might employ A/B testing to assess the impact of in-store

promotions on customer purchases. For instance, a clothing store could run an experiment
to compare two different promotion strategies for a specific clothing line. The control group−1
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